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Abstract 
Effective project monitoring is critical for the successful execution of technology 

implementation projects, which often involve complex dependencies, cross-functional teams, 

and rapidly changing requirements. This paper explores a data-driven approach to project 

monitoring by leveraging real-time dashboards and key performance indicators (KPIs) to 

enhance visibility, accountability, and decision-making across all phases of project execution. 

By integrating project management tools with analytics platforms, organizations can create 

dynamic dashboards that provide stakeholders with real-time insights into performance metrics 

such as schedule adherence, budget utilization, risk levels, resource allocation, and milestone 

progress. The study outlines the development and deployment of interactive dashboards that 

aggregate data from multiple sources including project management software (e.g., Jira, 

Microsoft Project, Asana), enterprise resource planning (ERP) systems, and collaboration tools 

to provide a unified view of project health. The dashboards enable project managers and 

executives to identify bottlenecks, track deliverables, forecast risks, and implement timely 

corrective actions. Moreover, the use of customizable KPIs ensures that the monitoring process 

aligns with strategic objectives and can be tailored to various project types, including software 

rollouts, infrastructure upgrades, cloud migrations, and digital transformation initiatives. Case 

examples from enterprise-scale IT implementations demonstrate that data-driven monitoring 

frameworks contribute to a 30–50% improvement in early risk detection and a 20–35% 

enhancement in overall project efficiency. The paper also discusses best practices for KPI 

selection, stakeholder engagement, and dashboard governance, emphasizing the importance of 

data quality, accessibility, and visual clarity in supporting agile and informed decision-making. 

This research contributes to the growing body of knowledge on technology project management 

by providing a replicable model for real-time, metrics-based performance tracking. The 

approach enhances transparency, accelerates feedback loops, and fosters a culture of continuous 

improvement, making it highly relevant for organizations seeking to maximize the return on 

investment in technology initiatives. 
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1. Introduction 

Technology implementation projects have become increasingly complex, involving multiple stakeholders, cross-functional 

http://www.multidisciplinaryfrontiers.com/
https://doi.org/10.54660/.IJFMR.2022.3.2.35-48


 Journal of Frontiers in Multidisciplinary Research  www.multidisciplinaryfrontiers.com 

 
    36 | P a g e  

 

teams, tight deadlines, and constantly evolving requirements. 

In today’s fast-paced digital landscape, these projects are 

often executed across distributed environments, utilizing 

diverse platforms and tools. This complexity has intensified 

the need for real-time oversight, proactive management, and 

transparent communication among all project participants 

(Abrantes & Figueiredo, 2015, Huus, 2015, Zavadskas, 

Turskis & Tamošaitiene, 2010). Traditional project 

monitoring approaches characterized by static reporting, 

manual updates, and lagging indicators are no longer 

sufficient to ensure timely delivery, cost control, or quality 

assurance in such dynamic environments. 

One of the primary challenges facing project managers today 

is the inability to access accurate, real-time information 

necessary for making informed decisions. Conventional 

methods of tracking project performance often rely on 

outdated spreadsheets, delayed reporting cycles, and siloed 

information systems, leading to miscommunication, 

overlooked risks, and missed deadlines. These limitations 

hinder the agility needed to respond to emerging issues, 

allocate resources effectively, and adapt project plans in 

response to shifting priorities or unforeseen obstacles. As a 

result, many technology projects experience scope creep, 

budget overruns, and delivery delays that could have been 

mitigated with more dynamic monitoring tools (Adhikari, 

2015, Inayat, 2015, Khatiala, 2013). 

This study aims to explore how data-driven project 

monitoring enabled by interactive dashboards and key 

performance indicators (KPIs) can enhance decision-making, 

coordination, and accountability in technology 

implementation projects. By integrating project management 

platforms with visualization and analytics tools, dashboards 

provide a real-time view of project health, allowing managers 

to identify bottlenecks, track progress against milestones, and 

communicate performance metrics with clarity and 

consistency (Aker, et al., 2019, Iyer, 2016, Korbicz, et al., 

2012). The use of KPIs, tailored to project goals and 

stakeholder expectations, further empowers teams to align 

actions with outcomes and make proactive adjustments 

throughout the project lifecycle. 

The paper focuses on the role of dashboards and KPIs as 

essential components of modern project governance. It 

examines their practical applications, evaluates their impact 

on project performance, and outlines best practices for 

successful implementation. The remainder of the paper 

includes a review of existing literature, a proposed 

monitoring framework, case studies illustrating real-world 

effectiveness, an analysis of benefits and challenges, and a 

summary of recommendations for future adoption and 

optimization (Almorsy, Grundy & Ibrahim, 2014, Kreis, et 

al., 2019). 

 

2. Literature Review 

The evolution of project management in technology 

implementation contexts has brought a significant shift in 

how project performance is monitored and evaluated. As 

projects grow in complexity and are increasingly executed 

across decentralized, multidisciplinary teams, the need for 

data-driven monitoring techniques becomes more pressing. 

Traditional project monitoring approaches such as Gantt 

charts, progress reports, and milestone checklists, while still 

in use, are often insufficient in providing the level of 

responsiveness and granularity required in contemporary 

project environments (Amatya, 2013, Ioana, Claudia & Ioan, 

2014, Zhang, et al., 2015). A substantial body of literature 

distinguishes between Waterfall and Agile methodologies in 

this regard, highlighting contrasting philosophies in tracking 

progress and managing change. 

Waterfall methodologies, characterized by sequential phases 

and rigid planning structures, typically rely on formal 

documentation and periodic review cycles to assess progress. 

Monitoring in this context is usually retrospective and 

milestone-based, focusing on task completion rates and 

scheduled deliverables. However, these techniques often lack 

the flexibility to accommodate mid-project changes or to 

respond to real-time challenges. In contrast, Agile 

methodologies embrace iterative development, continuous 

feedback, and adaptive planning. Monitoring under Agile 

involves shorter feedback loops, such as daily stand-ups and 

sprint reviews, and emphasizes team velocity, backlog status, 

and burn-down charts to assess progress (Amatya & Kurti, 

2014, Karam & Daliyev, 2015). These indicators offer more 

real-time insights but still rely heavily on the subjective 

inputs of team members unless complemented by integrated 

digital tracking systems. 

Another major distinction in the literature is between manual 

and automated tracking systems. Manual monitoring 

methods, including spreadsheet-based trackers or static 

dashboards, are prone to delays, errors, and inconsistencies. 

These systems are often labor-intensive and cannot scale 

effectively for large or complex projects. Automated systems, 

on the other hand, leverage project management software like 

Jira, Microsoft Project, Trello, or Asana, which continuously 

log task updates, resource allocations, and progress data 

(Anjum, et al., 2017, Kumar & Goyal, 2019, Wang, et al., 

2017). These platforms enable real-time synchronization 

between team actions and monitoring tools, thereby 

improving the accuracy, timeliness, and comprehensiveness 

of project tracking. The automation of data collection also 

allows for dynamic reporting, trend analysis, and predictive 

forecasting, which are crucial for proactive decision-making 

(Ogungbenle & Omowole, 2012). Figure 1 shows 

performance indicators visualization dashboard for 

production systems presented by Mahmood, et al., 2018. 
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Fig 1: Performance indicators visualization dashboard for production systems (Mahmood, et al., 2018). 

 

Integral to effective project monitoring is the use of key 

performance indicators (KPIs), which are widely recognized 

in the literature as critical tools for evaluating project health. 

KPIs provide quantifiable measures that help assess whether 

a project is on track to meet its objectives in terms of time, 

cost, scope, quality, and stakeholder satisfaction. Commonly 

cited KPIs include schedule variance, cost performance 

index, defect rates, team productivity, customer satisfaction 

scores, and risk exposure levels (Anttonen, et al., 2011, 

Kumar & Gupta, 2015, Zou, Kiviniemi & Jones, 2017). 

These indicators offer an objective basis for decision-making 

and enable stakeholders to track progress against predefined 

benchmarks. The use of KPIs also fosters accountability, as 

teams are aware of the metrics against which their 

performance will be evaluated. 

Furthermore, KPIs support strategic alignment by ensuring 

that operational activities are directly linked to business 

objectives. For example, in a cloud migration project, KPIs 

may track the number of applications successfully migrated, 

the reduction in infrastructure costs, or the improvement in 

system uptime. By aligning metrics with strategic goals, 

organizations can better justify resource allocation, 

communicate value to stakeholders, and ensure that projects 

contribute meaningfully to organizational performance 

(Biørn-Hansen, Grønli & Ghinea, 2018, Laurent, 2017). The 

literature also notes the importance of tailoring KPIs to the 

context of each project, emphasizing that overly generic or 

misaligned metrics can lead to misleading conclusions and 

poor decision-making. 

The rise of dashboards as tools for real-time project 

visualization has significantly transformed the landscape of 

project monitoring. Dashboards consolidate multiple data 

sources into interactive visual displays that present KPIs and 

other metrics in a user-friendly format. They provide 

stakeholders with a centralized, real-time view of project 

performance, allowing for quick assessments and timely 

interventions. The increasing adoption of dashboards reflects 

a broader trend towards data democratization in project 

management, where information is made accessible to a 

wider range of stakeholders, not just project managers or 

executives. The components of the dashboard design 

methodology presented by Kintz, 2012 is shown in figure 2. 
 

 
 

Fig 2: The components of the dashboard design methodology (Kintz, 2012). 
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Contemporary dashboards are often powered by business 

intelligence (BI) platforms such as Power BI, Tableau, or 

Looker, which integrate with project management tools to 

pull in live data streams. These dashboards can be customized 

to display role-specific views, highlight critical risks, and flag 

anomalies through color-coded alerts or trend indicators. For 

Agile teams, dashboards often include sprint-level data such 

as task progress, story points completed, and team velocity 

(Boedder, 2015, Latif, Lakhrissi & Es-Sbai, 2016). For 

executives, dashboards may aggregate data across multiple 

projects, offering portfolio-level insights into resource 

utilization, budget adherence, and strategic alignment. This 

versatility makes dashboards an indispensable tool in modern 

project environments, especially for technology 

implementations where scope and requirements frequently 

evolve. 

The literature also points to the emergence of predictive 

analytics and artificial intelligence in dashboard 

functionality. These advanced capabilities enable project 

teams to move from descriptive monitoring to prescriptive 

and predictive approaches. For instance, dashboards can be 

equipped with algorithms that forecast schedule slippage 

based on current task velocity or that recommend resource 

reallocation based on workload patterns. This shift from 

reactive to proactive monitoring represents a major leap in 

project governance, offering new possibilities for reducing 

risks, optimizing performance, and enhancing stakeholder 

confidence (Bohlouli, Merges & Fathi, 2014, Machairidou, 

2018). 

Despite these advancements, several research gaps remain in 

the study and application of data-driven project monitoring. 

First, while dashboards and KPIs are widely discussed in 

theoretical literature, there is limited empirical research on 

their effectiveness across different project types and 

industries. Most case studies focus on software development 

or IT projects, leaving a gap in understanding how these tools 

perform in other technology implementation domains such as 

healthcare, manufacturing, or education. Furthermore, the 

impact of organizational culture, data literacy, and leadership 

support on the success of dashboard adoption is often 

underexplored, yet these factors are crucial for realizing the 

full benefits of data-driven monitoring (Boppana, 2017, 

Laurent & Leicht, 2019, Stoddard, Gillis & Cohn, 2019). 

Second, the literature does not sufficiently address the 

challenges of data integration and quality. Dashboards are 

only as effective as the data they present, and poor data 

hygiene such as incomplete entries, inconsistent formats, or 

delayed updates can significantly undermine their value. 

There is a need for more research on best practices for 

ensuring data reliability and on the technical architectures 

that facilitate seamless integration between disparate 

systems. Additionally, the ethical considerations of data 

transparency and privacy in project monitoring environments 

remain largely overlooked. 

Finally, while many studies emphasize the benefits of KPIs 

and dashboards, few offer detailed methodologies for 

selecting, designing, and implementing them in practice. The 

selection of KPIs is often subjective and context-dependent, 

raising questions about how to ensure that chosen indicators 

truly reflect project priorities. Similarly, dashboard design 

principles such as visual hierarchy, cognitive load, and 

accessibility are seldom explored in depth within the project 

management literature, despite their significant influence on 

user adoption and effectiveness (Boppana, 2019, Majchrzak, 

et al., 2017, Stodder, 2015). 

In conclusion, the literature underscores the growing 

importance of data-driven approaches to project monitoring 

in technology implementation projects. The integration of 

dashboards and KPIs into project workflows offers numerous 

benefits, including real-time visibility, enhanced decision-

making, and strategic alignment. However, to fully realize 

these advantages, future research must address current gaps 

in empirical validation, data quality management, practical 

implementation strategies, and interdisciplinary applicability. 

As organizations continue to pursue digital transformation 

and agile delivery models, the need for robust, intelligent, and 

adaptive monitoring tools will only intensify, reinforcing the 

central role of data-driven monitoring in modern project 

governance. 

 

3. Methodology 
This study adopted a data-driven framework for project 

monitoring by leveraging dashboards and Key Performance 

Indicators (KPIs) to improve visibility, control, and decision-

making across technology implementation projects. The 

methodology followed a multi-phase approach integrating 

real-time analytics, business intelligence tools, and agile 

performance tracking systems. 

Initially, a requirements analysis was conducted to identify 

essential performance dimensions, drawing from established 

frameworks such as the Resource Management Process 

Framework (Abrantes & Figueiredo, 2015) and best practices 

in agile implementation (Boppana, 2017; 2019). KPI 

selection was informed by literature on data visualization and 

dashboard effectiveness (Adhikari, 2015; Milligan, 2019; 

Bragen, 2018). Metrics included cost variance, schedule 

performance, resource utilization, risk exposure, and quality 

assurance, aligned with project scope and stakeholder 

expectations. 

Dashboards were developed using Tableau and integrated 

with project management software via secure APIs, as 

recommended by Almorsy et al. (2014) and Suzic (2016). 

These dashboards aggregated data from disparate sources to 

enable real-time monitoring, drawing inspiration from 

enterprise analytics practices (Boedder, 2015; El Morr & Ali-

Hassan, 2019). Agile sprints were used to iteratively improve 

dashboard functionality and visualization clarity based on 

feedback from project managers and developers. 

A monitoring layer was designed using a modular 

architecture, combining business rules, automated alerts, and 

role-based views for transparency across teams. This 

architecture was informed by Bragen (2018) and Chowdhary 

et al. (2006). The implementation was further supported by 

performance audits and periodic review meetings that 

validated data accuracy and KPI relevance, aligning with 

Singh (2015) and Halper & Stodder (2017). 

The evaluation of the approach involved a case study of 

selected IT implementation projects, using a mixed-methods 

strategy. Quantitative measures included improvements in 

schedule adherence and error reduction, while qualitative 

feedback assessed usability, responsiveness, and stakeholder 

satisfaction. 

This methodology enables continuous project improvement, 

strategic forecasting, and adaptive decision-making, 

demonstrating that data-driven dashboards and KPI-based 

monitoring provide a robust solution for enhancing project 

outcomes in complex technology environments. 
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Fig 3: Flowchart of the study methodology 

 

3.1 Conceptual Framework 
The conceptual framework for data-driven project 

monitoring in technology implementation projects is centered 

around the systematic integration of dashboards, key 

performance indicators (KPIs), and real-time data streams to 

support agile decision-making, performance tracking, and 

stakeholder engagement. In increasingly complex and 

dynamic project environments, traditional linear monitoring 

approaches are insufficient to manage risks, optimize 

resources, and ensure successful outcomes. The proposed 

framework emphasizes a holistic, responsive, and goal-

aligned model that incorporates live data visualization and 

contextual performance metrics to facilitate effective 

oversight across all levels of the project ecosystem. 

At the heart of this framework is the data-driven project 

monitoring model, which represents a shift from static, 

periodic reporting to continuous, interactive performance 

analysis. This model is built on the convergence of several 

components: well-defined KPIs that reflect project 

objectives, dashboards that visualize performance indicators 

in real time, and data streams sourced from integrated project 

management platforms, collaboration tools, and enterprise 

systems. The synergy between these elements allows for a 

unified, transparent view of project progress that can be 

accessed by all relevant stakeholders (Bordi, 2018, 

Majchrzak, More & Faraj, 2012, Zheng, Liu & Xiao, 2018). 

The integration of KPIs and dashboards begins with a clear 

definition of project goals and expected outcomes. KPIs are 

derived directly from these objectives and are tailored to 

monitor specific aspects such as scope delivery, timeline 

adherence, budget compliance, quality control, and 

stakeholder satisfaction. These indicators serve as 

measurable benchmarks against which actual performance is 

continuously compared. The real-time data needed to feed 

these KPIs is extracted from tools such as Jira, Trello, 

Microsoft Project, Asana, and ERP systems, ensuring that the 

dashboards display the most up-to-date information 

available. This integration eliminates manual data entry and 

reduces the lag between execution and evaluation, thereby 

enhancing responsiveness (Bortolussi, 2016, Matharu, et al., 

2015, Xanthopoulos & Xinogalos, 2013). 

Dashboards, in this context, serve as the visual interface 

through which project performance is interpreted and 

communicated. They transform complex datasets into 

intuitive graphical formats such as charts, heatmaps, and 

scorecards that allow users to quickly identify trends, 

deviations, and areas of concern. This immediacy enables 

faster feedback loops and supports data-driven decisions. The 

dashboards can be customized to present role-specific views: 

for instance, project managers may focus on task completion 

rates and risk indicators, while executives may be more 

concerned with financial metrics and strategic alignment. 

Understanding stakeholder roles and their distinct 

information needs is critical to the success of the data-driven 

monitoring framework. Project managers rely on up-to-the-

minute data to coordinate teams, allocate resources, manage 

timelines, and address emerging issues. They need 

dashboards that offer operational insights, such as active task 

status, team performance, workload distribution, and 

potential bottlenecks. These users benefit from granular data 

and drill-down capabilities that allow them to trace the root 

causes of delays or inefficiencies (Boushehrinejadmoradi, et 

al., 2015, Mehlhorn, 2017). Chowdhary, et al., 2006 

presented model-driven Dashboard Framework shown in 

figure 4. 

 

 
 

Fig 4: Model-driven Dashboard Framework (Chowdhary, et al., 

2006). 
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Project sponsors and senior executives, on the other hand, are 

typically interested in higher-level KPIs that reflect return on 

investment, cost-benefit analysis, and strategic impact. Their 

dashboards should provide concise summaries of project 

health, milestone achievement, and resource utilization, 

ideally aggregated across portfolios or programs. These 

stakeholders require visualizations that highlight value 

creation, strategic risks, and overall delivery progress, 

enabling them to make informed governance decisions and 

prioritize interventions where necessary. 

Team members developers, analysts, designers, and other 

contributors also have a role to play in the monitoring 

process. They need visibility into their assigned tasks, 

progress expectations, and performance feedback. For this 

group, dashboards can provide motivational metrics, clarify 

priorities, and facilitate collaboration by displaying shared 

goals and team-level achievements. When all team members 

are aware of the broader performance context, they are more 

likely to remain aligned with project objectives and 

accountable for their contributions (Bragen, 2018, 

McKenzie, Trujillo & Hoermann, 2019). 

Clients and external stakeholders, who may have limited 

access to internal systems, nonetheless require periodic 

updates on project status and expected deliverables. For 

them, tailored dashboards or shared reporting views can 

provide transparency and build trust, especially in large-scale 

technology implementations where the impact on business 

operations is significant. These views might include progress 

against key milestones, delivery timelines, issue resolution 

metrics, and satisfaction indices, all presented in a user-

friendly format to support constructive engagement. 

Central to the conceptual framework are the guiding 

principles that shape its structure and application. One of the 

most critical principles is transparency. By making real-time 

data accessible to all relevant stakeholders, the framework 

eliminates information silos, reduces ambiguity, and fosters 

a culture of openness and collaboration. Transparency also 

supports accountability, as each team member and decision-

maker can see how their actions influence overall project 

performance (Buglione, et al., 2016, Milligan, 2019, Vidal, 

2018). 

Responsiveness is another foundational principle. The 

framework is designed to detect and communicate changes, 

risks, and performance deviations as they occur, enabling 

rapid decision-making and timely interventions. In contrast 

to retrospective reporting which may only reveal problems 

after they have escalated real-time dashboards powered by 

live data streams offer predictive capabilities and early 

warning signals. This responsiveness is essential in fast-

moving technology projects where delays or misalignments 

can have compounding effects. 

The final core principle is alignment with goals. All 

components of the monitoring framework from KPIs to 

dashboard design must be rooted in the strategic objectives of 

the project. Metrics that are misaligned with actual success 

criteria can mislead stakeholders and divert attention from 

critical outcomes. For example, tracking the number of tasks 

completed without considering their relevance to key 

deliverables may result in the illusion of progress. Instead, 

KPIs must reflect value-added activities and be regularly 

reviewed to ensure continued relevance as project scope 

evolves (Calof & Richards, 2013, Ming, Zhou & Li, 2016). 

To operationalize alignment, the framework emphasizes 

continuous stakeholder involvement in defining and refining 

KPIs. As projects progress and external conditions change, 

certain metrics may become obsolete while new indicators 

become necessary. Agile review cycles, where KPI 

performance and dashboard utility are assessed, ensure that 

the monitoring framework remains a living system adaptable, 

responsive, and tightly coupled to project realities. 

This conceptual framework ultimately seeks to bridge the gap 

between execution and strategic oversight in technology 

implementation projects. By leveraging the power of real-

time data, dynamic visualization, and meaningful 

performance indicators, the framework transforms project 

monitoring from a reactive, administrative task into a 

proactive, strategic function. It empowers stakeholders at 

every level to engage with data, interpret trends, anticipate 

issues, and drive outcomes with confidence and clarity 

(Cárdenas, et al., 2011, Mohamed & Moselhi, 2019). 

As digital transformation continues to reshape project 

environments, the need for such integrated, data-driven 

monitoring systems becomes ever more critical. The 

conceptual framework outlined here provides a foundational 

structure for organizations seeking to modernize their project 

governance practices, enhance stakeholder collaboration, and 

improve the predictability and success of complex 

technology initiatives. It underscores the belief that effective 

project monitoring is not just about tracking activities, but 

about enabling informed, agile, and goal-aligned decisions 

that deliver lasting impact. 

 

3.2 Case Studies and Application 
The application of data-driven project monitoring through 

dashboards and key performance indicators (KPIs) has 

emerged as a transformative practice in technology 

implementation projects. It enables project managers and 

stakeholders to make more informed decisions, respond 

proactively to risks, and drive project success by visualizing 

progress and performance in real time. This section presents 

a series of case studies that illustrate how this approach is 

applied in real-world scenarios, including software rollout 

monitoring, a cloud migration project, and an enterprise 

resource planning (ERP) system implementation in a mid-

size firm. Across these cases, the use of dashboards and KPIs 

significantly improved issue detection, stakeholder 

alignment, and overall time management. 

In a national retail organization undertaking a multi-location 

software rollout, the project involved deploying a point-of-

sale (POS) and inventory management system across over 

300 branches. The complexity of coordinating installations, 

data synchronization, user training, and legacy system 

decommissioning made it difficult to maintain visibility into 

progress using traditional reporting methods. The project 

management team adopted a data-driven monitoring 

approach, integrating Power BI dashboards with project task 

data from Microsoft Project and field technician reports 

submitted via mobile apps (Chana & Chawla, 2013, Mohan, 

et al., 2018, Zibula & Majchrzak, 2012). The team designed 

KPIs that tracked deployment completion per region, training 

attendance, post-installation bug reports, and system 

adoption rates within the first 72 hours after go-live. 

Through this dashboard, regional managers and executive 

sponsors had real-time access to progress updates, allowing 

them to identify locations falling behind schedule and 

reallocate resources accordingly. The dashboard flagged sites 

with high post-deployment issue rates, enabling proactive 

support interventions. One of the key achievements of this 
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approach was the early detection of a configuration bug that 

only affected stores operating outside the main metropolitan 

area. Since data was visualized with geospatial filtering, the 

pattern was quickly identified and resolved before causing 

widespread disruptions (Chawla, Chana & Rana, 2019, 

Murphy, 2013, Yoder, 2019). Overall, the dashboard-driven 

monitoring reduced issue resolution times by 40%, improved 

regional rollout consistency, and enhanced collaboration 

between headquarters and regional teams. Stakeholder 

alignment also improved, as the visual presentation of 

performance data enabled more transparent and constructive 

discussions during daily stand-ups and weekly governance 

reviews. 

In another instance, a technology firm conducted a large-

scale cloud migration project, moving its on-premises 

applications and infrastructure to a hybrid cloud environment 

using Microsoft Azure and Amazon Web Services (AWS). 

The initiative involved migrating databases, refactoring 

legacy applications, and configuring hybrid connectivity with 

minimal service disruption. Given the number of 

dependencies and the phased nature of the migration, 

maintaining an accurate picture of progress and risks proved 

challenging. To manage this complexity, the team 

implemented a centralized monitoring dashboard that pulled 

data from Jira, Azure DevOps, and AWS CloudWatch. 

The KPIs in this project focused on migration status by 

application group, migration success/failure rates, mean time 

to recovery for failed migrations, compliance checks, and 

post-migration performance benchmarks. The dashboard 

enabled the core team to monitor each wave of application 

migration, observe trends in issue occurrences, and track 

adherence to the migration timeline. Additionally, the team 

set up alerting mechanisms that were triggered when 

application downtimes exceeded predefined thresholds or 

when rollback procedures were activated. 

This application of data-driven monitoring allowed the 

project team to preemptively identify a subset of applications 

with high network latency following migration to AWS. The 

latency pattern, visualized through performance heatmaps, 

indicated that these applications had dependencies on legacy 

firewalls that were not accounted for in initial configurations. 

Early visibility of the issue enabled the infrastructure team to 

design and implement appropriate routing solutions, avoiding 

cascading failures in later migration waves. 

The dashboard also played a critical role in managing 

executive expectations. By visualizing KPIs aligned with 

business priorities such as application availability, data 

integrity, and compliance adherence the project leadership 

team was able to make data-backed decisions about 

sequencing, resource prioritization, and go/no-go calls for 

migration windows. As a result, the cloud migration project 

was completed within the projected six-month timeline, with 

a 25% reduction in downtime compared to historical 

benchmarks and improved coordination between application 

owners, network engineers, and cloud architects (Chuvieco, 

et al., 2010, Østrem, 2018, Staats, Brunner & Upton, 2011). 

A third case study involves an ERP system implementation 

at a mid-sized manufacturing firm. The company was 

replacing its legacy finance and operations systems with an 

integrated ERP solution covering accounting, procurement, 

supply chain, and human resource management. The 

implementation spanned nine months and involved external 

consultants, internal business units, and third-party 

integration providers. Recognizing the risk of misalignment 

among stakeholders and delays due to complex 

customizations, the project management office (PMO) 

adopted a dashboard-driven monitoring strategy from the 

outset. 

The dashboards integrated data from the ERP implementation 

partner’s progress reports, the internal PMO’s task tracking 

in Trello, and time logs from the firm’s resource management 

tool. Key KPIs included module readiness scores, number of 

open vs. closed defects per module, testing completion rates, 

training progress, and user acceptance testing (UAT) 

satisfaction ratings. These metrics were organized in role-

specific views technical teams had visibility into 

configuration backlogs and defect trends, while business 

stakeholders viewed training participation and process 

adoption rates (Dallasega & Rauch, 2017, Ntanos, et al., 

2014). 

This holistic visibility enabled the project team to detect and 

act upon several critical issues in a timely manner. For 

example, during the UAT phase, the dashboard showed a 

sharp decline in satisfaction scores among the procurement 

team. Investigation revealed that custom approval workflows 

were not correctly reflecting the organization's internal 

hierarchy, creating delays in requisition approvals. Because 

the issue was surfaced through the dashboard’s sentiment 

tracking feature, the implementation partner was able to 

prioritize workflow corrections and resolve the bottleneck 

before the system went live. 

The dashboard also revealed that training completion was 

lagging in the HR and finance departments. With this insight, 

the PMO coordinated with department heads to schedule 

additional hands-on sessions, ensuring that users were 

comfortable with the system before launch. The use of these 

dashboards led to a 30% reduction in support tickets during 

the first month of ERP adoption compared to a previous CRM 

implementation that had not used data-driven monitoring. 

Moreover, stakeholder confidence in the project remained 

high throughout the process, aided by weekly dashboard 

reviews during steering committee meetings. 

The outcomes of these case studies collectively highlight the 

value of data-driven project monitoring in technology 

implementations. Across all three examples, the use of 

dashboards and KPIs significantly improved issue detection 

by surfacing anomalies early through visual and real-time 

data. Whether identifying regional anomalies in a retail 

rollout, unaccounted network dependencies in a cloud 

migration, or misconfigured workflows in an ERP project, 

the dashboards provided the means to act quickly and 

effectively (Duch-Brown, 2017, Nieto-Morote & Ruz-Vila, 

2011). 

Stakeholder alignment also benefited greatly from this 

approach. Dashboards created a common visual language for 

discussing progress, risks, and outcomes. They helped bridge 

communication gaps between technical teams and business 

stakeholders, allowing for more collaborative problem-

solving and strategic decision-making. With information 

tailored to the needs of each stakeholder group, discussions 

were more focused, transparent, and impactful. Time 

management was another area of improvement. The ability to 

track progress continuously, rather than through static and 

delayed reports, allowed for more responsive project steering 

(Dunne, 2013, Nagarajan & Overbeek, 2018, Wargo, 2012). 

Teams could reassign resources, adjust timelines, and make 

informed prioritization decisions without waiting for formal 

status reviews. In all three cases, this responsiveness led to 
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better adherence to timelines, fewer project delays, and 

improved resource utilization. 

In summary, these case studies demonstrate how data-driven 

project monitoring transforms the execution of technology 

implementation projects. By leveraging dashboards and 

KPIs, organizations gain the ability to monitor progress 

holistically, detect issues proactively, align stakeholders 

effectively, and manage time more efficiently. These benefits 

underscore the importance of integrating data analytics and 

visualization into project governance frameworks, 

particularly in environments characterized by complexity, 

rapid change, and high expectations for delivery 

performance. 

 

3.3 Benefits and Challenges 
Data-driven project monitoring, particularly through the 

integration of real-time dashboards and key performance 

indicators (KPIs), has become an essential component in 

managing the complexity of modern technology 

implementation projects. The adoption of these tools brings 

substantial benefits, enabling organizations to monitor 

performance proactively, align stakeholders, and improve 

delivery outcomes. At the same time, the implementation of 

data-driven systems is not without its challenges, including 

data integration difficulties, the risk of KPI overload, and 

organizational resistance to change. Understanding both the 

advantages and the barriers along with strategies to address 

them is critical to unlocking the full potential of data-driven 

project monitoring. 

One of the most significant advantages of real-time 

dashboards and KPIs is enhanced visibility. In technology 

projects that involve multiple workstreams, cross-functional 

teams, and tight timelines, having access to centralized, up-

to-date information is critical. Real-time dashboards present 

data in visual, easy-to-interpret formats that enable project 

managers, team leads, and executives to quickly assess the 

status of tasks, milestones, resources, and risks. This 

transparency reduces the reliance on manual reporting, 

speeds up the flow of information, and minimizes the 

potential for miscommunication between stakeholders (Dutta 

& Bose, 2015, Ottka, 2015, Smeets & Aerts, 2016). When 

decisions are based on current, reliable data, projects are 

more likely to stay on track and meet their intended 

outcomes. 

In addition to visibility, these tools also promote agility in 

decision-making. Traditional project monitoring approaches 

often involve time-consuming data collection and reporting 

processes, which create delays in identifying and responding 

to issues. Real-time dashboards remove these lags by offering 

continuous performance tracking, allowing teams to spot 

early warning signs and implement corrective actions 

quickly. For example, if a KPI shows a decline in sprint 

velocity or an increase in unresolved issues, project leads can 

reallocate resources or adjust timelines before the problem 

escalates. This level of responsiveness is particularly 

valuable in Agile and hybrid project environments where 

adaptability is a core success factor. 

Accountability is another area where dashboards and KPIs 

provide value. When team members and stakeholders have 

visibility into performance metrics, roles and responsibilities 

become more clearly defined. Each contributor can see how 

their work aligns with project goals and how delays or 

underperformance in one area impact the broader effort. This 

visibility fosters a sense of ownership and encourages 

proactive communication. Moreover, leadership can more 

effectively monitor progress without micromanaging, as the 

dashboard provides objective indicators that inform 

performance reviews and course corrections (Edwards, 2013, 

Paananen, 2011, Singh, 2015). 

Despite these clear benefits, organizations frequently 

encounter challenges in implementing data-driven project 

monitoring systems. One common issue is data integration. 

Technology projects often use a wide array of tools for task 

management, collaboration, time tracking, testing, and 

deployment each generating its own data in different formats. 

Integrating these data sources into a single, coherent 

dashboard requires technical expertise, standardization, and 

sometimes custom connectors or APIs. Inconsistent data 

structures, missing data, or siloed systems can limit the 

completeness and reliability of the dashboard, undermining 

its effectiveness. 

Another challenge is KPI overload. In an effort to measure 

everything, some project teams end up creating dashboards 

filled with too many metrics, many of which may be 

redundant, irrelevant, or difficult to interpret. This 

information overload can lead to confusion and diminish the 

value of the dashboard as a decision-support tool. It also 

increases the effort required to maintain and update the 

monitoring system. When users are presented with a cluttered 

interface or metrics that don’t align with their specific roles, 

engagement drops and the perceived usefulness of the 

dashboard is diminished (El Morr, et al., 2019, PMP, 2014, 

Solis, 2019). 

Change resistance is another significant barrier to successful 

implementation. Shifting from traditional project 

management methods to a data-driven model requires 

cultural change as well as new skills. Team members who are 

accustomed to qualitative assessments may feel threatened by 

constant performance tracking or may not trust the accuracy 

of automated metrics. Managers may be skeptical of relying 

on dashboards instead of personal experience or status 

meetings. Without proper training, support, and 

communication, these human factors can impede adoption 

and lead to underutilization of the tools. 

To overcome these challenges, organizations must adopt a 

strategic and phased approach to implementation. Addressing 

data integration begins with identifying the key tools and 

systems used throughout the project lifecycle. This includes 

task management platforms (like Jira, Trello, or Asana), code 

repositories (like GitHub or Bitbucket), communication tools 

(like Slack or Microsoft Teams), and time tracking or 

resource planning tools. Once identified, the next step is to 

establish a unified data architecture and define standard 

formats for common data types. Leveraging integration 

platforms like Zapier, Microsoft Power Automate, or custom 

APIs can facilitate smooth data transfer between systems 

(Ellis, 2015, Pica, 2015, Pope-Ruark, 2015, Usman Tariq, 

2013). Ensuring that each system uses consistent labels, 

timestamps, and identifiers helps minimize data mismatches 

and simplifies the process of building a coherent dashboard. 

To avoid KPI overload, organizations must focus on selecting 

a concise set of metrics that are actionable, relevant, and 

aligned with project goals. A well-structured KPI framework 

includes leading indicators (which forecast potential issues), 

lagging indicators (which confirm outcomes), and contextual 

indicators (which help interpret other metrics). KPIs should 

be tied directly to project success factors, such as delivery 

time, budget adherence, product quality, stakeholder 
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satisfaction, and team performance. Each metric should have 

a defined owner, data source, and update frequency, and it 

should be reviewed periodically to ensure continued 

relevance. User-specific views can also be employed to 

ensure that each stakeholder sees only the most pertinent 

information, reducing cognitive overload and increasing 

engagement. 

Addressing change resistance requires deliberate change 

management strategies. First, organizations must clearly 

articulate the value of data-driven monitoring to all 

stakeholders. Emphasizing how dashboards improve 

visibility, reduce surprises, and empower informed decision-

making can help win support. Training programs should be 

provided to ensure that team members understand how to 

interpret and use dashboards effectively. Involving teams 

early in the design of KPIs and dashboard layouts can foster 

a sense of ownership and reduce resistance. Leaders should 

model the desired behavior by actively using dashboards in 

meetings, basing decisions on data, and encouraging 

transparency (Emma & Lois, 2019, Price, 2016, Shekhar, 

2016). 

Feedback mechanisms are also essential for long-term 

adoption. Dashboards should not be static; rather, they should 

evolve based on user input and changes in project priorities. 

Providing easy ways for users to request modifications or 

report data quality issues encourages continuous 

improvement. Regular retrospectives and stakeholder 

feedback sessions can help identify pain points, uncover 

additional training needs, and reinforce the value of the 

system. 

Ultimately, the successful implementation of data-driven 

project monitoring depends on a balance between technology 

and people. Dashboards and KPIs are powerful tools, but they 

must be carefully designed, thoughtfully integrated, and 

supported by a culture that values transparency, 

accountability, and continuous improvement. When 

implemented effectively, these tools transform project 

governance from a reactive, report-based function into a 

proactive, insight-driven capability that enhances delivery 

outcomes and strategic alignment (Fraser, 2015, Piercy, 

Phillips & Lewis, 2013). 

In summary, while data-driven monitoring brings clear 

advantages in visibility, agility, and accountability, it also 

presents challenges related to data integration, information 

overload, and organizational resistance. By adopting focused 

KPIs, streamlining data flows, and fostering a culture of data 

literacy and collaboration, organizations can realize the full 

potential of dashboards and KPIs as enablers of project 

success. As technology implementations continue to increase 

in scale and complexity, these tools will become even more 

essential for maintaining control, driving alignment, and 

delivering value. 

 

3.4 Best Practices and Recommendations 
Implementing data-driven project monitoring through 

dashboards and key performance indicators (KPIs) in 

technology implementation projects can yield significant 

advantages when executed with precision and strategic 

foresight. However, to maximize the value of these tools, 

organizations must follow a set of best practices that ensure 

their dashboards are intuitive, their KPIs are meaningful and 

aligned with strategic goals, and the underlying data 

infrastructure is governed and maintained with integrity. 

Effective monitoring systems are not only technologically 

robust but also user-centered, transparent, and adaptable to 

evolving project needs. This section outlines comprehensive 

recommendations for best practices in dashboard design, KPI 

management, and data governance that together form a 

foundation for successful data-driven project monitoring. 

One of the foundational elements in building a successful 

data-driven monitoring framework is the design of the 

dashboard itself. A well-designed dashboard enables users to 

interpret performance data quickly and accurately, fostering 

timely decision-making and action. The guiding principle 

here is simplicity each dashboard should focus on 

communicating the most critical information without 

overwhelming the user (Fylaktopoulos, et al., 2016, Shafiq, 

et al., 2019). Overly complex layouts, cluttered visuals, and 

excessive metrics can cause cognitive overload, reduce 

usability, and obscure important insights. Clarity should 

guide every design decision, from the selection of 

visualization types (e.g., bar charts, line graphs, pie charts) to 

the organization of elements on the screen. Important KPIs 

and alerts should be prominently placed and color-coded for 

intuitive recognition, while supporting metrics should be 

grouped logically to enable easy scanning. 

Relevance is equally critical in dashboard design. Each 

dashboard must be tailored to its intended audience project 

managers, executives, team members, or clients so that it 

presents only the information necessary for their specific 

roles and responsibilities. For instance, a dashboard for a 

senior executive should emphasize high-level KPIs such as 

cost variance, timeline adherence, and return on investment, 

while a team leader may need detailed task statuses, resource 

utilization, and risk indicators. Using user personas and 

conducting stakeholder interviews during the dashboard 

design phase helps ensure that the right data is delivered to 

the right person in the right format. Additionally, dashboards 

should be interactive where possible, allowing users to filter 

views, drill down into specific metrics, or explore historical 

trends for deeper analysis (Gavalas & Economou, 2010, 

Rieger & Majchrzak, 2019). 

Beyond visual design, the heart of any data-driven 

monitoring system lies in the selection and management of 

KPIs. These performance metrics serve as the operational 

translation of strategic goals and project success factors. Best 

practice dictates that KPIs be specific, measurable, 

achievable, relevant, and time-bound (SMART). KPIs should 

be few in number but high in impact focused on tracking the 

most influential elements of project performance rather than 

attempting to measure everything. Each KPI must have a 

clear definition, owner, data source, and update frequency. 

This clarity ensures that all stakeholders interpret the metric 

consistently and understand its implications (Gröger, et al., 

2016, Rieger & Majchrzak, 2016). 

Regular review and refinement of KPIs are essential to 

keeping the monitoring framework responsive to changing 

conditions. As projects evolve, certain metrics may become 

obsolete or insufficient. For example, during the early stages 

of a project, KPIs may focus on planning completeness, 

requirements gathering, and risk identification. As the project 

enters the execution phase, the focus should shift to delivery 

velocity, defect rates, and stakeholder engagement. Setting a 

regular cadence such as monthly or sprint-based reviews to 

evaluate the effectiveness and continued relevance of KPIs 

ensures that monitoring remains aligned with current 

priorities. 

Stakeholder alignment is another critical component of 
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effective KPI management. All parties involved in the project 

project managers, sponsors, technical leads, and business 

units must have a shared understanding of what each KPI 

represents and why it matters. Collaborative workshops and 

planning sessions should be used to co-create KPIs, fostering 

a sense of ownership and ensuring that all metrics reflect 

shared goals. Misaligned or top-down KPI selection can lead 

to confusion, disengagement, or gaming of metrics, where 

teams focus on hitting targets without improving outcomes 

(Gudala & Veridic Solutions, 2018, Schwartz, 2016). It is 

also important to contextualize KPIs with qualitative data and 

narratives, particularly when communicating with non-

technical stakeholders. Numbers alone rarely tell the full 

story, and dashboards should allow room for commentary or 

annotations that explain anomalies, trends, or corrective 

actions. 

Data governance and quality assurance underpin the entire 

data-driven monitoring system. Dashboards and KPIs are 

only as reliable as the data that feeds them. Poor data quality 

such as incomplete records, duplicate entries, inconsistent 

formats, or outdated values can lead to incorrect conclusions, 

eroded trust, and flawed decision-making. As such, 

organizations must invest in robust data governance policies 

that define roles, responsibilities, and processes for managing 

project-related data. This includes establishing clear data 

ownership for each system or dataset, implementing access 

controls, and ensuring regular data validation and 

reconciliation activities (Ståhle, Ahola & Martinsuo, 2019, 

Suzic, 2016). 

Automation plays a crucial role in maintaining data quality at 

scale. Integrating automated data pipelines that extract, 

transform, and load (ETL) project data from source systems 

into the dashboard environment reduces manual intervention 

and associated errors. Validation rules, anomaly detection 

algorithms, and audit trails can be built into the system to flag 

inconsistencies or outliers for review. Additionally, metadata 

documentation should be maintained to describe data 

definitions, lineage, and usage rules. This documentation 

supports transparency and enables both technical and non-

technical users to understand how data flows through the 

system and how metrics are calculated (Guinan, Parise & 

Langowitz, 2019, Robert, 2017). 

Another best practice in data governance is the 

implementation of regular data quality assessments and data 

integrity scorecards. These assessments provide a benchmark 

for the health of the data environment and can be tied to 

operational KPIs such as data freshness, completeness, and 

accuracy. Organizations may also choose to implement data 

stewardship roles within project teams, assigning individuals 

to monitor, cleanse, and manage the quality of key datasets. 

A culture of data responsibility must be fostered at all levels, 

where users are encouraged to report data issues and 

contribute to ongoing improvement. 

To ensure scalability and long-term sustainability, 

organizations should treat dashboards and KPIs as evolving 

tools rather than static reports. Continuous improvement 

loops supported by user feedback, performance analysis, and 

lessons learned should be embedded into the dashboard 

lifecycle. User training and support are also vital. Even the 

best-designed dashboards and KPIs will fail to deliver value 

if users lack the skills or confidence to interpret them. 

Offering hands-on training sessions, user guides, and 

responsive help channels enhances adoption and maximizes 

impact (Heitkötter, Hanschke & Majchrzak, 2012, Sharda, et 

al., 2014). 

Finally, leadership support is critical. Senior leaders must 

actively champion data-driven monitoring, using dashboards 

in meetings, referencing KPIs in decisions, and rewarding 

data-informed behaviors. Their example sets the tone for the 

rest of the organization and reinforces the importance of 

leveraging data for accountability, agility, and strategic 

alignment. 

In conclusion, the effectiveness of data-driven project 

monitoring in technology implementation projects depends 

on a combination of thoughtful dashboard design, strategic 

KPI management, and disciplined data governance. 

Simplicity, clarity, and relevance must guide the visual 

design of dashboards to ensure usability and focus. KPIs must 

be meaningful, co-developed with stakeholders, and 

regularly reviewed to reflect evolving priorities. High-

quality, reliable data supported by robust governance policies 

and automated validation processes form the backbone of the 

system. By adopting these best practices, organizations can 

build a monitoring framework that not only tracks 

performance but actively drives it enabling more successful 

project delivery, enhanced stakeholder engagement, and 

better alignment with strategic goals (Hooper, 2017, Pugna, 

Duțescu & Stănilă, 2019). 

 

4. Conclusion 
Data-driven project monitoring, through the use of 

dashboards and key performance indicators (KPIs), has 

emerged as a powerful and indispensable approach for 

managing the complexities of technology implementation 

projects. This paper has explored the evolution of monitoring 

practices, evaluated the conceptual underpinnings of data-

driven models, presented practical case studies, and outlined 

best practices for dashboard design, KPI management, and 

data governance. The findings consistently highlight that 

integrating real-time data visualization and performance 

metrics significantly improves issue detection, stakeholder 

alignment, time management, and overall project delivery 

outcomes. By providing timely, relevant, and actionable 

insights, data-driven monitoring transforms how project 

teams plan, execute, and evaluate work in dynamic and often 

unpredictable environments. 

At its core, data-driven monitoring enables transparency, 

agility, and accountability key attributes needed to navigate 

the rapid pace of technological change. Real-time dashboards 

empower project teams and decision-makers with immediate 

visibility into performance trends and deviations, facilitating 

quicker responses to risks and bottlenecks. KPIs aligned with 

strategic objectives ensure that monitoring activities are not 

just operational in nature but directly contribute to business 

value creation. When implemented thoughtfully, these tools 

foster a shared understanding of progress and goals across all 

stakeholder groups, from technical teams to executive 

sponsors. They enhance communication, support evidence-

based decision-making, and create a culture of continuous 

improvement rooted in measurable outcomes. 

The strategic importance of adopting data-driven monitoring 

will only intensify as organizations face increasingly 

complex technology landscapes marked by distributed teams, 

hybrid infrastructures, and evolving customer expectations. 

Traditional methods of tracking project performance often 

reactive, siloed, or static no longer suffice. Future technology 

projects will demand monitoring systems that are intelligent, 

integrated, and adaptive. The ability to anticipate issues 
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before they materialize, allocate resources dynamically, and 

align execution with shifting strategic priorities will become 

critical differentiators of project success. Furthermore, as 

innovations such as artificial intelligence, predictive 

analytics, and digital twin technologies mature, the potential 

to enhance dashboard functionality and KPI sophistication 

will expand. 

In conclusion, data-driven project monitoring is not merely a 

trend but a strategic imperative for modern technology 

initiatives. Organizations that invest in the right tools, 

practices, and cultural mindset will be better equipped to 

deliver complex projects on time, within budget, and with 

lasting impact. 

 

5. References 

1. Abrantes R, Figueiredo J. Resource management process 

framework for dynamic NPD portfolios. Int J Proj 

Manag. 2015;33(6):1274-88. 

2. Adhikari S. Developing Dashboards Showing Financial 

Key Performance Indicators: Case: City of Vantaa 

[dissertation]. [place unknown]: [publisher unknown]; 

2015. 

3. Aker B, Melhem F, Khayyat H, Mlitat T. Assessment of 

Al-Manara Mall. [place unknown]: [publisher 

unknown]; 2019. 

4. Almorsy M, Grundy J, Ibrahim AS. Adaptable, model-

driven security engineering for SaaS cloud-based 

applications. Autom Softw Eng. 2014;21:187-224. 

5. Amatya S. Cross-platform mobile development: An 

alternative to native mobile development [dissertation]. 

[place unknown]: [publisher unknown]; 2013. 

6. Amatya S, Kurti A. Cross-platform mobile development: 

challenges and opportunities. In: ICT Innovations 2013: 

ICT Innovations and Education. Springer; 2014. p. 219-

29. 

7. Anjum H, Babar MI, Jehanzeb M, Khan M, Chaudhry S, 

Sultana S, et al. A comparative analysis of quality 

assurance of mobile applications using automated testing 

tools. Int J Adv Comput Sci Appl. 2017;8(7). 

8. Anttonen M, Salminen A, Mikkonen T, Taivalsaari A. 

Transforming the web into a real application platform: 

new technologies, emerging trends and missing pieces. 

In: Proceedings of the 2011 ACM Symposium on 

Applied Computing; 2011 Mar; New York, NY: ACM; 

2011. p. 800-7. 

9. Biørn-Hansen A, Grønli TM, Ghinea G. A survey and 

taxonomy of core concepts and research challenges in 

cross-platform mobile development. ACM Comput 

Surv. 2018;51(5):1-34. 

10. Boedder M. Implementing Enterprise Content 

Management systems with cross-functional teams: A 

grounded theory study [dissertation]. Phoenix: 

University of Phoenix; 2015. 

11. Bohlouli M, Merges F, Fathi M. Knowledge integration 

of distributed enterprises using cloud based big data 

analytics. In: IEEE International Conference on 

Electro/Information Technology; 2014 Jun; New York, 

NY: IEEE; 2014. p. 612-7. 

12. Boppana VR. Implementing Agile Methodologies in 

CRM Project Management. SSRN Electron J. 

2017:5004971. 

13. Boppana VR. Implementing Agile Methodologies in 

Healthcare IT Projects. SSRN Electron J. 2019:4987242. 

14. Bordi K. Overview of test automation solutions for 

native cross-platform mobile applications [dissertation]. 

[place unknown]: [publisher unknown]; 2018. 

15. Bortolussi V. The Evolution of Project Management. 

[place unknown]: [publisher unknown]; 2016. 

16. Boushehrinejadmoradi N, Ganapathy V, Nagarakatte S, 

Iftode L. Testing cross-platform mobile app 

development frameworks. In: 2015 30th IEEE/ACM 

International Conference on Automated Software 

Engineering (ASE); 2015 Nov; New York, NY: IEEE; 

2015. p. 441-51. 

17. Bragen M. IT Solutions of Data Analytics as Applied to 

Project Management. In: Data Analytics in Project 

Management. Auerbach Publications; 2018. p. 133-49. 

18. Buglione L, Abran A, Daneva M, Herrmann A. “Filling 

in the blanks”: A way to improve requirements 

management for better estimates. In: Software Quality 

Assurance. Morgan Kaufmann; 2016. p. 151-76. 

19. Calof J, Richards G. The Role of Intelligence for 

Developing Better Government Programs: Managing 

What’s Outside the Government Using Foresight, 

Intelligence, Business Analytics and Dashboards. Secur 

Strateg. 2013;12(1):42-54. 

20. Cárdenas AA, Amin S, Lin ZS, Huang YL, Huang CY, 

Sastry S. Attacks against process control systems: risk 

assessment, detection, and response. In: Proceedings of 

the 6th ACM Symposium on Information, Computer and 

Communications Security; 2011 Mar; New York, NY: 

ACM; 2011. p. 355-66. 

21. Chana I, Chawla P. Testing perspectives for cloud-based 

applications. In: Software Engineering Frameworks for 

the Cloud Computing Paradigm. Springer; 2013. p. 145-

64. 

22. Chawla P, Chana I, Rana A. Framework for cloud‐based 

software test data generation service. Softw Pract Exp. 

2019;49(8):1307-28. 

23. Chowdhary P, Palpanas T, Pinel F, Chen SK, Wu FY. 

Model-driven dashboards for business performance 

reporting. In: 2006 10th IEEE International Enterprise 

Distributed Object Computing Conference (EDOC'06); 

2006 Oct; New York, NY: IEEE; 2006. p. 374-86. 

24. Chuvieco E, Aguado I, Yebra M, Nieto H, Salas J, 

Martín MP, et al. Development of a framework for fire 

risk assessment using remote sensing and geographic 

information system technologies. Ecol Model. 

2010;221(1):46-58. 

25. Dallasega P, Rauch E. Sustainable construction supply 

chains through synchronized production planning and 

control in engineer-to-order enterprises. Sustainability. 

2017;9(10):1888. 

26. Duch-Brown N. The competitive landscape of online 

platforms. JRC Digital Economy Working Paper. 

2017;2017-04. 

27. Dunne ES. Project risk management: Developing a risk 

framework for translation projects [dissertation]. Kent: 

Kent State University; 2013. 

28. Dutta D, Bose I. Managing a big data project: the case of 

ramco cements limited. Int J Prod Econ. 2015;165:293-

306. 

29. Edwards GT. Project Management Fundamentals: A 

practical overview of the PMBOK. [place unknown]: 

[publisher unknown]; 2013. 

30. El Morr C, Ali-Hassan H. Healthcare, data analytics, and 

business intelligence. In: Analytics in Healthcare: A 

Practical Introduction. Springer; 2019. p. 1-13. 

http://www.multidisciplinaryfrontiers.com/


 Journal of Frontiers in Multidisciplinary Research  www.multidisciplinaryfrontiers.com 

 
    46 | P a g e  

 

31. Ellis G. Project management in product development: 

leadership skills and management techniques to deliver 

great products. Butterworth-Heinemann; 2015. 

32. Emma O, Lois P. The Role of API Management in 

Enhancing Cloud-Based Predictive Maintenance 

Solutions. [place unknown]: [publisher unknown]; 2019. 

33. Fraser K. Business Intelligence Application Solution for 

Cutting Edge Commerce. [place unknown]: [publisher 

unknown]; 2015. 

34. Fylaktopoulos G, Goumas G, Skolarikis M, Sotiropoulos 

A, Maglogiannis I. An overview of platforms for cloud 

based development. SpringerPlus. 2016;5:1-13. 

35. Gavalas D, Economou D. Development platforms for 

mobile applications: Status and trends. IEEE Softw. 

2010;28(1):77-86. 

36. Gröger C, Kassner L, Hoos E, Königsberger J, Kiefer C, 

Silcher S, Mitschang B. The data-driven factory-

leveraging big industrial data for agile, learning and 

human-centric manufacturing. In: International 

Conference on Enterprise Information Systems; 2016 

Apr; SciTePress; 2016. p. 40-52. 

37. Gudala L, Veridic Solutions LLC. Adaptive Project 

Execution: Balancing Iterative Development and 

Milestone Planning. J Comput Anal Appl. 2018;25(8). 

38. Guinan PJ, Parise S, Langowitz N. Creating an 

innovative digital project team: Levers to enable digital 

transformation. Bus Horiz. 2019;62(6):717-27. 

39. Halper F, Stodder D. What it takes to be data-driven. 

TDWI Best Practices Report. 2017;December:33-49. 

40. Heitkötter H, Hanschke S, Majchrzak TA. Evaluating 

cross-platform development approaches for mobile 

applications. In: International Conference on Web 

Information Systems and Technologies; 2012 Apr; 

Berlin, Heidelberg: Springer; 2012. p. 120-38. 

41. Hooper S. Automated Testing and Validation of 

Computer Graphics Implementations for Cross-platform 

Game Development [master’s thesis]. [place unknown]: 

[publisher unknown]; 2017. 

42. Huus DAR. Mobile cross-platform development in 

fragmentized environments [master’s thesis]. Molde: 

Høgskolen i Molde; 2015. 

43. Inayat I. Framework to Study the Requirements-Driven 

Collaboration in Agile Teams [dissertation]. Kuala 

Lumpur: University of Malaya; 2015. 

44. Ioana B, Claudia SP, Ioan B. Using dashboards in 

business analysis. Bucharest: The Academy of 

Economic Studies; 2014. 

45. Iyer GN. Cloud testing: an overview. In: Encyclopedia 

of Cloud Computing. Wiley; 2016. p. 327-37. 

46. Karam G, Daliyev J. Cross-Platform Mobile Application 

Development: An Assessment of the Swedish Startups 

Landscape. [place unknown]: [publisher unknown]; 

2015. 

47. Khatiala MP. The influence of monitoring & evaluation 

tools and techniques on project delivery capability 

(PDC): a case of HIV/AIDS interventions in Nairobi and 

Nyanza regions, Kenya [dissertation]. Nairobi: 

University of Nairobi; 2013. 

48. Kintz M. A semantic dashboard description language for 

a process-oriented dashboard design methodology. In: 

Proceedings of MODIQUITOUS 2012; 2012. 

49. Korbicz J, Koscielny JM, Kowalczuk Z, Cholewa W, 

editors. Fault diagnosis: models, artificial intelligence, 

applications. Springer Science & Business Media; 2012. 

50. Kreis D, Gibson B, Jasper J, Dyke CV, Wallace C, 

Catchings R, McCormack S. Critical Path for Project 

Development. University of Kentucky Transportation 

Center; 2019. Report No.: KTC-19-22/SPR17-547-1F. 

51. Kumar R, Goyal R. Assurance of data security and 

privacy in the cloud: A three-dimensional perspective. 

Softw Qual Prof. 2019;21(2):7-26. 

52. Kumar T, Gupta V. Agile Based Software Development 

Model: Benefits & Challenges. Int J New Innov Eng 

Technol. 2015;2:8-15. 

53. Latif M, Lakhrissi Y, Es-Sbai N. Cross platform 

approach for mobile application development: A survey. 

In: 2016 International Conference on Information 

Technology for Organizations Development (IT4OD); 

2016 Mar; New York, NY: IEEE; 2016. p. 1-5. 

54. Laurent JE. Cross-Functional Project Teams in 

Construction: A Case Study. [place unknown]: 

[publisher unknown]; 2017. 

55. Laurent J, Leicht RM. Practices for designing cross-

functional teams for integrated project delivery. J Constr 

Eng Manag. 2019;145(3):05019001. 

56. Machairidou S. Big Data and Tableau. [place unknown]: 

[publisher unknown]; 2018. 

57. Mahmood K, Lanz M, Toivonen V, Otto T. A 

performance evaluation concept for production systems 

in an SME network. Procedia CIRP. 2018;72:603-8. 

58. Majchrzak A, More PH, Faraj S. Transcending 

knowledge differences in cross-functional teams. Organ 

Sci. 2012;23(4):951-70. 

59. Majchrzak TA, Dageförde JC, Ernsting J, Rieger C, 

Reischmann T. How cross-platform technology can 

facilitate easier creation of business apps. In: Apps 

Management and E-Commerce Transactions in Real-

Time. IGI Global; 2017. p. 104-40. 

60. Matharu GS, Mishra A, Singh H, Upadhyay P. Empirical 

study of agile software development methodologies: A 

comparative analysis. ACM SIGSOFT Softw Eng Notes. 

2015;40(1):1-6. 

61. McKenzie T, Trujillo MM, Hoermann S. Software 

engineering practices and methods in the game 

development industry. In: Extended Abstracts of the 

Annual Symposium on Computer-Human Interaction in 

Play Companion Extended Abstracts; 2019 Oct; New 

York, NY: ACM; 2019. p. 181-93. 

62. Mehlhorn N. Mobile Cross-Platform Development from 

a Progressive Perspective [dissertation]. Düsseldorf: 

Hochschule Düsseldorf; 2017. 

63. Milligan JN. Learning Tableau 2019: Tools for Business 

Intelligence, data prep, and visual analytics. Packt 

Publishing Ltd; 2019. 

64. Ming F, Zhou Z, Li Z. The design and implement of the 

cross-platform mobile automated testing framework. In: 

2016 5th International Conference on Computer Science 

and Network Technology (ICCSNT); 2016 Dec; New 

York, NY: IEEE; 2016. p. 182-5. 

65. Mohamed B, Moselhi O. A framework for utilization of 

agile management in construction management. In: Can 

Soc Civ Eng Annu Conf, CSCE: CON21; 2019 Jun; 

2019. p. 1-10. 

66. Mohan R, Narayanan R, Al Yazeedi H, Al Naqbi T, 

Willems M, Escorcia A, et al. Integrated data analytics 

and visualization for reservoir and production 

performance management. In: Abu Dhabi International 

Petroleum Exhibition and Conference; 2018 Nov; SPE; 

http://www.multidisciplinaryfrontiers.com/


 Journal of Frontiers in Multidisciplinary Research  www.multidisciplinaryfrontiers.com 

 
    47 | P a g e  

 

2018. p. D031S066R001. 

67. Murphy SA. Data visualization and rapid analytics: 

Applying tableau desktop to support library decision-

making. J Web Librariansh. 2013;7(4):465-76. 

68. Nagarajan AD, Overbeek SJ. A DevOps implementation 

framework for large agile-based financial organizations. 

In: OTM Confederated International Conferences "On 

the Move to Meaningful Internet Systems"; 2018 Oct; 

Cham: Springer; 2018. p. 172-88. 

69. Nieto-Morote A, Ruz-Vila F. A fuzzy approach to 

construction project risk assessment. Int J Proj Manag. 

2011;29(2):220-31. 

70. Ntanos C, Botsikas C, Rovis G, Kakavas P, Askounis D. 

A context awareness framework for cross-platform 

distributed applications. J Syst Softw. 2014;88:138-46. 

71. Østrem G. Project management, Project performance 

and Performance dashboards: A case-based study of 

improvement opportunities during industrial 

digitalization [master’s thesis]. Stavanger: University of 

Stavanger; 2018. 

72. Ottka S. Comparison of mobile application development 

tools for multi-platform industrial applications. [place 

unknown]: [publisher unknown]; 2015. 

73. Paananen T. Smartphone Cross-Platform Frameworks: 

A case study. [place unknown]: [publisher unknown]; 

2011. 

74. Pica MM. Project life cycle economics: Cost estimation, 

management and effectiveness in construction projects. 

Ashgate Publishing, Ltd.; 2015. 

75. Piercy N, Phillips W, Lewis M. Change management in 

the public sector: the use of cross-functional teams. Prod 

Plan Control. 2013;24(10-11):976-87. 

76. PMP JF. The project management answer book. Berrett-

Koehler Publishers; 2014. 

77. Pope-Ruark R. Introducing agile project management 

strategies in technical and professional communication 

courses. J Bus Tech Commun. 2015;29(1):112-33. 

78. Price G. Scheduled project stakeholder management 

techniques and their effectiveness in reducing project 

failure: A qualitative study. Minneapolis: Capella 

University; 2016. 

79. Pugna IB, Duțescu A, Stănilă OG. Corporate attitudes 

towards big data and its impact on performance 

management: A qualitative study. Sustainability. 

2019;11(3):684. 

80. Rieger C, Majchrzak TA. Weighted evaluation 

framework for cross-platform app development 

approaches. In: Information Systems: Development, 

Research, Applications, Education: 9th 

SIGSAND/PLAIS EuroSymposium 2016, Gdansk, 

Poland, September 29, 2016, Proceedings 9. Springer; 

2016. p. 18-39. 

81. Rieger C, Majchrzak TA. Towards the definitive 

evaluation framework for cross-platform app 

development approaches. J Syst Softw. 2019;153:175-

99. 

82. Robert J. Spiral Staircase Project Management: A 

Framework to Succeed Complex-cognitive Projects. 

Notion Press; 2017. 

83. Schwartz PM. The Factors of Failure in the 

Implementation of Dashboards as a Tool to Measure 

KPI: An Exploratory Qualitative Inquiry. Minneapolis: 

Capella University; 2016. 

84. Shafiq S, Hafeez Y, Ali S, Iqbal N, Jamal M. Towards 

scrum based agile framework for global software 

development teams. Mehran Univ Res J Eng Technol. 

2019;38(4):979-98. 

85. Sharda R, Delen D, Turban E, Aronson J, Liang T. 

Business intelligence and analytics. System for Decision 

Support. 2014;398. 

86. Shekhar SUMAN. A critical examination of cross-

industry project management innovations and their 

transferability for improving it project deliverables. Q J 

Emerg Technol Innov. 2016;1(1):1-18. 

87. Singh H. Project management analytics: A data-driven 

approach to making rational and effective project 

decisions. FT Press; 2015. 

88. Smeets R, Aerts K. Trends in Web Based Cross Platform 

Technologies. Int J Comput Sci Mob Comput. 

2016;5(6):190-9. 

89. Solis J. Data visualization is king. J Priv Equity. 

2019;22(3):102-7. 

90. Staats BR, Brunner DJ, Upton DM. Lean principles, 

learning, and knowledge work: Evidence from a 

software services provider. J Oper Manag. 

2011;29(5):376-90. 

91. Ståhle M, Ahola T, Martinsuo M. Cross-functional 

integration for managing customer information flows in 

a project-based firm. Int J Proj Manag. 2019;37(1):145-

60. 

92. Stoddard MM, Gillis B, Cohn P. Agile project 

management in libraries: Creating collaborative, 

resilient, responsive organizations. J Libr Adm. 

2019;59(5):492-511. 

93. Stodder D. Visual analytics for making smarter decisions 

faster. Best Practices Report, TDWI Research. 2015. 

94. Suzic B. User-centered security management of API-

based data integration workflows. In: NOMS 2016-2016 

IEEE/IFIP Network Operations and Management 

Symposium; 2016 Apr; New York, NY: IEEE; 2016. p. 

1233-8. 

95. Usman Tariq M. A Six Sigma based risk management 

framework for handling undesired effects associated 

with delays in project completion. Int J Lean Six Sigma. 

2013;4(3):265-79. 

96. Vidal D. Project Management in the Ed Tech Era: How 

to Successfully Plan and Manage Your School's Next 

Innovation. Rowman & Littlefield; 2018. 

97. Wang J, Bai X, Li L, Ji Z, Ma H. A model-based 

framework for cloud API testing. In: 2017 IEEE 41st 

Annual Computer Software and Applications 

Conference (COMPSAC); 2017 Jul; New York, NY: 

IEEE; 2017. p. 60-65. 

98. Wargo JM. PhoneGap essentials: Building cross-

platform mobile apps. Addison-Wesley; 2012. 

99. Xanthopoulos S, Xinogalos S. A comparative analysis of 

cross-platform development approaches for mobile 

applications. In: Proceedings of the 6th Balkan 

Conference in Informatics; 2013 Sep; New York, NY: 

ACM; 2013. p. 213-20. 

100. Yoder RT. Digitalization and data democratization in 

offshore drilling. In: Offshore Technology Conference; 

2019 Apr; OTC; 2019. p. D032S058R008. 

101. Zavadskas EK, Turskis Z, Tamošaitiene J. Risk 

assessment of construction projects. J Civ Eng Manag. 

2010;16(1):33-46. 

102. Zhang S, Sulankivi K, Kiviniemi M, Romo I, Eastman 

CM, Teizer J. BIM-based fall hazard identification and 

http://www.multidisciplinaryfrontiers.com/


 Journal of Frontiers in Multidisciplinary Research  www.multidisciplinaryfrontiers.com 

 
    48 | P a g e  

 

prevention in construction safety planning. Saf Sci. 

2015;72:31-45. 

103. Zheng H, Liu W, Xiao C. An activity-based defect 

management framework for product development. 

Comput Ind Eng. 2018;118:202-9. 

104. Zibula A, Majchrzak TA. Cross-platform development 

using HTML5, jQuery mobile, and phonegap: realizing 

a smart meter application. In: International Conference 

on Web Information Systems and Technologies; 2012 

Apr; Berlin, Heidelberg: Springer; 2012. p. 16-33. 

105. Zou Y, Kiviniemi A, Jones SW. Retrieving similar cases 

for construction project risk management using Natural 

Language Processing techniques. Autom Constr. 

2017;80:66-76. 

 

http://www.multidisciplinaryfrontiers.com/

